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Abstract

The goal of individuals is to achieve happiness and live a happy life in general. However, there are many economic and 
socio-demographic factors that affect their happiness. This paper examines the happiness of household members from the 
perspective of socio-demographic and economic factors via 2009 and 2015 Turkish Statistical Institute’s (TURKSTAT) Life 
Satisfaction Survey data. The econometric method employ is the generalized ordered logit model. The findings suggest that 
economic factors have a significant impact on individuals’ happiness. For household members, while getting a job, owning a 
car, and saving money increase the happiness of individuals, being in debt, being married or single, and paying debts decrease 
happiness. These results are aimed to contribute to policy makers’ practices in order to increase the happiness of individuals 
in the country.
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1. INTRODUCTION

The economics of happiness has entered the field of interest of economists in recent years. While psychologists in 
the literature examine the economics of happiness using well-being surveys, various new methods are developed 
by economists to this field. Economists have examined the concept of happiness by relating it to income in their 
studies. This situation might cause individuals to miss the basic elements that ensure their happiness. Individuals 
may prefer a personally rewarding but low-paying job over a well-paid job in the classical Walrasian sense. (Gra-
ham 2005: 41-42).

The concept of utility has entered the economic literature as a concept close to happiness. Although the two con-
cepts are separated from each other, in recent years, the concept of benefit has begun to be included in happiness 
studies (Lane 2017: 62). Happiness economics is based on the concepts of utility and welfare, which also include 
the utility functions of factors that are effective in determining economic behavior. Richard Easterlin, who first 
examined the concept of happiness economy in 1974, defined the interaction between income and happiness with 
the Easterlin Paradox in his study titled “Does Economic Growth Improve Human Fortune? Some Empirical 
Evidence”. Easterlin examined the interaction between happiness and income in three ways: differences between 
countries’ happiness levels and gross domestic product; differences between income groups and happiness levels; 
and differences between income and happiness within countries in different time periods (Easterlin 1974: 100-111). 
Determining the economic and social factors that affect the happiness of individuals and measuring the direction 
of influence and economic values of these factors are also considered within the concept of happiness economics.

According to Perio (2006), research conducted in economics does not have sufficient knowledge of the concept of 
happiness and has not been given as much importance. As happiness begins to be measurable, over time happiness 
researchers have become interested in this subject. Nevertheless, there are different opinions about the methods 
used in measurement and this issue might lead to controversy. Especially in economic science, the fact that ob-
jective measurement methods are at the forefront has caused the findings to be obtained from these methods to 
be questioned (Veenhoven and Dumludağ 2015: 206). Laboratory experiments and field studies are the preferred 
methods to measure happiness. Additionally, phone software has been developed to facilitate happiness data anal-
ysis (Rutledge et.al. 2014: 12252). In Easterlin's paper, the happiness question is "In general, how happy would 
you say you are? Very happy, fairly happy, not very happy" (Easterlin 1974: 89-125). The happiness data of the 
countries are collected from General Social Studies (General Social Survey, GSS), Eurobarometer Survey (Euro-
barometer Survey), and Russian Panel Observation Study (The Russian Longitudinal Monitoring Survey) and the 
happiness levels of countries are measured. In surveys, to measure the happiness levels of countries, individuals 
are asked a question scored from 1 to 4 or 1 to 10 about their happiness in life. A score from 1 to 10 is generally 
used, with 1 being very dissatisfied and 10 being very satisfied (Veenhoven and Dumludağ 2015: 206). 

The aim of this paper is to examine the economic and socio-demographic factors affecting the happiness of Turkish 
households using the Life Satisfaction Survey data from 2009 and 2015. While examining these factors in this 
study, Life Satisfaction Surveys from 2009 and 2015 were used, and both years were combined and included in 
the model as a year variable. Recent years were not included in the analysis because the economic difficulties ex-
perienced in Türkiye, especially in 2015 and after, affected every individual greatly, the concept of happiness was 
mostly linked to the economic situation, and the importance of other factors decreased. In studies conducted with 
cross-sectional data, the causal relationship between variables might only provide information about that period 
and not about the general situation.  Therefore, two different years were considered, and the causal relationships 
between the variables were compared. Happiness level was categorized as the dependent variable, and independent 
variables were categorized as socio-demographic and economic. The happiness economics literature was exam-
ined, and it was seen that in some of the studies, the ordered logit model was generally used, but the parallel re-
gression assumption was violated. In this study, estimation is proceeded with the generalized ordered logit model, 
which does not require the parallel regression assumption. This model is more advantageous such that it provides 
detailed information about each category of the dependent variable and is a less restricted model compared to the 
ordered logit model (Akay and Timur 2017). Due to these advantages, it is expected that the use of this model in 
happiness studies would become widespread.

The first part of the article provides an introduction. The literature on happiness economics studies is mentioned 
in Section 2. Section 3 gives information about the data and the generalized ordered logit model. The findings and 
conclusion are reported in Sections 4 and 5, respectively.
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2. LITERATURE

The concepts of life satisfaction and happiness have been examined by social scientists since the 1940s through 
survey studies, the most common of which are the “General Social Survey” in the USA and the “Euro-barometer” 
survey in the European Union.

The Easterlin paradox by Richard Easterlin, who introduced the concept of happiness to literature, suggested that 
governments should focus on gross happiness products. Because after the point where basic needs are met, gov-
ernments’ focus on gross domestic product would not increase the happiness of individuals. Following Easterlin’s 
study, many studies have been conducted in the literature on the economics of happiness. The previous literature 
examining happiness economics is summarized in Table 1.

Table 1. Happiness Economics Literature

  Authors Data Results
Easterlin (1974) AIPO (American Institute of Public 

Opinion) 1946-1970. 19 Countries from 
Asia, Africa and Latin America (En-
gland, USA, India, Dominican Republic, 
Thailand, Japan, Philippines, Malaysia, 
France, Italy, Cuba, Egypt, Israel, Yugo-
slavia, Panama, Nigeria, Brazil, Poland, 
West Germany)

Income increases do not 
affect happiness after a 
specific point.

Veenhoven (1994) India, Greece, Belarus, Portugal, South 
Korea, Italy, Philippines, Hungary, Spain, 
Japan, West Germany, Switzerland, South 
Africa, Luxembourg, Singapore Brazil, 
France, Finland, Norway, USA, Bel-
gium, Sweden, Netherlands, Denmark, 
N. (South), England, Australia, Canada, 
Ireland, Iceland, Mexico

Increasing income does 
not increase happiness at 
the same rate.

Winkelmann and Win-
kelmann (1998)

GSOEP (German Socio-Economic Panel 
Study) Germany data from 1984-1989 

Unemployment negatively 
affects life satisfaction.

Carbonell 
(2005)

GSOEP Germany Data Increasing income does 
not increase the happi-
ness of the rich. Low 
incomes of poor people 
cause unhappiness.

Boes and Winkelmann        
(2006)

GSOEP Germany Data from 1992 and 
1997 

 Happiness buys money.

Peiro (2006) World Values Survey (1995-1996) Single (-), Married (+), Age 
(+), Income (+), Unemploy-
ment (-)
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Şeker (2009) Life Satisfaction Survey

Türkiye data from 2003-2007 

TURKSTAT’s Life Sat-
isfaction Survey data is 
presented with expla-
nations, and it is stated 
in the study that there is 
insufficient research on 
happiness.

Bülbül ve Giray (2012) Life Satisfaction Survey
Türkiye data 2008

There is a stronger rela-
tionship between mar-
ried people’s private life 
satisfaction and work 
life. Income (+), Educa-
tion (+)

 Atay (2012) World Values Survey (1994-1999) Tür-
kiye (1996), Bulgaria (1997), Czech 
Republic (1998), Hungary (1998), Poland 
(1997), Romania (1998), Slovakia (1998), 
Slovenia (1995).

Age (-), Woman (+), Eco-
nomic Freedom Index (+), 
Religious (+), Married (+), 
Unemployment (-), Urban 
(+), Education (+), HDI (+)

Caner (2014)  Life Satisfaction Survey

Türkiye data from 2003-2011

In years of crisis, earning 
a high absolute income is 
more important for happi-
ness. Being Unemployed 
(-), Male (-), Age (u)

Dumludağ et al. (2015) Life Satisfaction Survey
Türkiye data 2011

Increased income increases 
happiness. Education level 
has no significant effect on 
happiness. Age (u), Rural 
(+), Marriage (+)

Eren ve Aşıcı (2015) Life Satisfaction Survey
Türkiye data from 2004-2013

The rating of hope is the 
strongest determinant of 
happiness. Female (+), 
Education (?), Hope Lev-
el (+), Health (+), Income 
Ranking (+), Age (u)

  Akay ve Timur (2017) Life Satisfaction Survey
Türkiye data from 2009 and 2015

The factors of well-being 
were examined separately 
for men and women, and 
as a result, it was revealed 
that economic well-being 
and meeting basic problems 
were important factors in 
happiness.

Note: (-) opposite direction relationship. (+) same direction relationship u) Happiness first decreases, then remains un-
changed for a while, then increases. (?) a meaningless relationship.
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3. DATA and METHODOLOGY 

This section provides information concerning the data and econometric methodology employed in the study. 

3.1. Data and Variables

In the happiness economics studies, many factors other than income affect happiness, such as the individual’s qual-
ity of life, status, age, goals, hopes, expectations, and living standards (Eren ve Aşıcı 2015:8; Caner 2014:1331).  
While examining these factors in this study, Life Satisfaction Surveys from 2009 and 2015 were used, and both 
years were combined and included in the model as a year variable. The Life Satisfaction Survey is TURKSTAT’s 
first survey with subjective elements and social content. In the research, individuals’ expectations, happiness, sat-
isfaction with living conditions, and satisfaction with public services related to basic living areas have been mea-
sured. In the study, in which TURKSTAT’s Life Satisfaction Surveys from 2009 and 2015 were used, economic 
factors such as individuals’ income, indebtedness, car ownership and employment opportunities as well as gender, 
age, education and marital status were examined.  In the 2009 and 2015 Life Satisfaction Surveys, individual 
happiness levels were evaluated as follows: "How happy are you when you think of your life as a whole?" The 
question was answered by ticking one of the options given on a 5-point Likert scale (very unhappy, unhappy, fairly 
happy, happy, and very happy). The variables found to be significant in the estimated models and their definitions 
are given in Table 2. 

Marital status, education and income group variables are created by the author. Education level options are as 
follows: 0. Did not finish a school, 1. Primary school, 2. Secondary school, 3. Vocational or technical secondary 
school, 4. High school, 5. Vocational or technical high schools, 6. Colleges, 7. Faculty 8. Master’s/PhD (including 
5 or 6-year faculties). However, it was used in the study by creating it as follows: 1. Primary school (Primary 
school-Secondary school-Vocational or technical secondary school) 2. High school (High school-Vocational or 
technical high schools), 3. Bachelor degree (Colleges-Faculty), 4. Postgraduate (Master’s-PhD). Marital status 
options are as follows in the Life Satisfaction Survey; 1. Single 2. Married 3. Divorced 4. Spouse died 5. Sepa-
rated. However, it is used in the study by creating it as follows: 1. Single, 2. Married, 3. Divorced - Spouse died 
-Separated. In the Life Satisfaction Survey, the options for the income group variable are created as very low, low, 
middle, and high income groups according to the hunger line, poverty line, and high income line. According to the 
data obtained from TURKSTAT, hunger and poverty limits are as follows: Hunger line is 287 TL and 1329 TL for 
2009 and 2015 respectively. Poverty line is 825 TL and 4329 TL for 2009 and 2015 respectively. High-income lim-
it is 2440 TL and 10100 TL for 2009 and 2015 respectively. According to the data obtained from the TURKSTAT, 
the high-income limit was calculated as 8.5 times the poverty line in 2009 and 7.6 times the poverty line in 2015 
(Kolukısa, Sağbaş 2020: 212). Accordingly, income group options have been created for very low, low, middle, 
and high-income groups1. In addition, interaction terms related to education level, employment, or marriage vari-
ables are examined but not included in the study as they are not statistically significant.
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Table 2. Variables and Descriptions

Variables Descriptions
Happiness How happy are you when you think of your life as a whole?

1. Very Happy 
2. Happy 
3. Fairly Happy 
4. Unhappy 
5. Very Unhappy

Year 1. 2015 0. 2009
Age Individual’s age (18 years+)
Gender 1. Male 

0. Female
Marital Status          

                                  

What is your marital status?
1.Single 
2. Married 
3. Divorced - Spouse died - Separated

Education Level What level of education did you last complete?
1.Primary school
2.High school
3.Bachelor degree
4.Postgraduate

Saving money I started saving last year.
1. Yes 
0. No

Owning a car I bought a car last year.
1. Yes 
0. No

Get a job I got a job last year (for job seekers)
1. Yes 
0. No

Borrowing I got into a debt last year.
1. Yes 
0. No

Servicing Debt I paid off my debts last year.
1. Yes 
0. No

Income Group 2009 2015
1.0-630 TL
 (Very low-income group)
2.631-990 TL
 (Low-income group)
3.991-2 750 TL
(Middle income Group)
4.2 751-3 851+ TL
(High-income Group)

1. 0-1 264 TL
(Very low-income group)
2. 1 265-2 540
(Low-income group)
3. 2 541 – 3 721 TL
(Middle income Group)
4. 3 722+ TL
(High-income Group)
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3.2. Generalized Ordered Logit Model

Ordered qualitative choice models are employed when the dependent variable has an ordinal structure with two or 
more categories. The ordered logit model is one of the most used ordered qualitative preference models. Howev-
er, it has been seen in the literature that the parallel regression assumption of this model could be violated (Long 
1997:116-118; Borooah 2002: 7-8).

This assumption assumes that the regression functions for different options are parallel to the logit scale. To exam-
ine the validity of the assumption, Wald Test (Brant, 1990) is used. The parallel regression assumption, which ex-
plains that the relationship between the independent variables and the dependent variable does not change accord-
ing to the categories of the dependent variable, is important for the reliability of the results obtained from ordered 
logit models. If the assumption does not hold, then the alternative models should be utilized (Amemiya 1985: 293).

The generalized ordered logit model is a less restrictive model that does not require the parallel regression assump-
tion (Williams 2006a: 1). This model is used as an alternative to the ordered logit model. The generalized ordered 
logit model estimates a set of coefficients and a constant for each of m-1 points at which the dependent variable 
Y, which takes the values 0, 1, 2, …, m, can be divided into two. These sets of  
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Model interpretation is as follows: Option 1 compares with options 2, 3, 4, and 5; Options 1 and 2 are compared 
with options 3, 4, and 5. Options 1, 2, 3, and options 1, 2, 3, 4 are compared with options 4,5 and 5 in a similar 
way, respectively (Williams 2006b: 63).

4. FINDINGS 

This section provides information concerning the initial and empirical results employed in the study. 

4.1. Initial Findings 

In this section, some statistics and tables are included, using the Life Satisfaction Survey that has been conducted 
regularly since 2004. The rates of values that are a source of happiness for the period from 2009 to 2015 are given 
in Table 3, and the level of happiness by gender, age group, and marital status is given in Table 4. 

According to the results of the Table 3, health ranks first among the values that are the source of happiness, while 
love and success are ranked second and third, respectively.
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Table 3. Values as Source of Happiness

Values as source of happiness (%)
Years Health Love Success Money Job Other
2009 70.7 13.2 6.6 5.2 3.5 0.8
2010 71.2 13.0 6.9 4.6 3.5 0.9
2011 72.8 13.1 6.9 4.3 2.4 0.5
2012 70.8 13.8 6.7 5.1 3.1 0.6
2013 68.0 15.2 8.6 4.1 2.3 1.8
2014 68.8 15.4 8.5 4.2 2.2 0.9
2015 68.8 15.8 8.6 3.9 2.0 1.0

Source: TURKSTAT Life Satisfaction Survey, 2009-2015.

Table 4 shows the level of happiness by gender, age group, and marital status for 2015. According to the results of 
Table 4, while 59.6% of married individuals are happy, this rate is 49.5% for single individuals. According to age 
groups, the lowest happiness rate was in the 45–54 age group with 51.7%, while the highest happiness rate was 
seen in the 18–24 age group with 63.8%. Finally, the rate of individuals who stated that they were happy is 56.6%.

Table 4. Level of Happiness by Gender, Age Group and Marital Status (2015)

Happy Fairly Happy Unhappy
    Total 56.6 32.0 11.4
      Male 52.9 34.3 12.8
      Female 60.2 29.8 10.0
Age group
       18-24 63.8 28.4 7.8
       25-34 58.6 31.9 9.5
       35-44 54.2 34.0 11.8
       45-54 51.7 34.7 13.7
       55-64 55.1 30.7 14.2
       65+ 56.8 30.7 12.4
 Marital Status
     Married 59.6 30.9 9.5
    Single 49.5 34.6 15.9

           

 Source: TURKSTAT Life Satisfaction Survey, 2015

4.2. Empirical Findings

This paper aims to determine factors affecting the happiness of household members with a generalized ordered 
logit model using the Life Satisfaction Survey data. Table 5 shows the model estimations and report that the coef-
ficients of the generalized ordered logit models are statistically significant. According to LR test result, it is seen 
that the hypothesis that explanatory variables do not affect the dependent variable is rejected. To interpret the coef-
ficient estimates of generalized ordered logit models, odds ratios are calculated, and the direction of the effects of 
explanatory variables on individual happiness levels is determined by looking at the signs of β coefficients.
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Demographic and economic factors used the analysis are reported to be affecting happiness. The odds of reporting 
levels of happy are 0.92 times lower for 2015 compared to 2009. Economic reasons such as increases in exchange 
rates, increasing inflation, and unemployment may have negatively affected the happiness of individuals. The odds 
of reporting very happy level are 1.01 times higher with an increase in age. It is thought that the increase in the 
possibility of being happy as you get older is due to reasons such as increasing experiences, gaining different per-
spectives on life, and learning to cope with stress. The odds levels of happy are 0.80 times lower for men compared 
to women. In Turkish society, men are defined as the breadwinners of the house who must provide a good life for 
their spouses and children. This responsibility can sometimes make men be more unhappy compared to women. 

Being married reduces the odds of happiness by 0.50 times compared to other categories (single, divorced-spouse 
died-separated), while being single decrease it by 0.74 times. Being a university graduate reduce the odds of happi-
ness by 0.75 times compared to other situations (primary school, high school, postgraduate). In Turkish society, the 
dominant view of marriage is that the woman is responsible for cleaning the house, and the man is responsible for 
providing for the household. Individuals with a high level of education may also feel inadequate and unhappy in 
the face of such responsibilities. The reason why singles are not happy may be that they feel spiritually lonely and 
want someone to share life with. In addition, economic, social, and environmental pressures can also negatively 
affect the happiness of single people.

Saving money, which is one of the economic factors, increases the odds of happiness by 1.24 times, and owning 
a car increases it by 1.43 times. Having a job increases the odds of happiness by 1.20. Borrowing and servicing 
debt reduce the odds of very happy by 0.64 and 0.70 times, respectively. The low-income groups reduce the odds 
of fairly happy by 0.90 times compared to other income groups. Economic factors always affect the happiness of 
individuals, positively or negatively. As can be seen here, while saving money, having a job, and owning a car 
increase the happiness of individuals whereas borrowing and servicing debt decrease their happiness as it would 
put more economic pressure on them. 

5. CONCLUSION 

Individuals would like to live a happy life throughout their lives, from the past to the present. There are many fac-
tors affecting a happy life. In this study, social, demographic, and economic factors affecting individuals’ happiness 
are examined. The 2009 and 2015 data from the Life Satisfaction Surveys conducted by TURKSTAT every year 
are utilized to estimate the generalized ordered logit model.

While some of the findings are in line with the studies in the literature, some of them are different from the results 
obtained in the literature. For example, while married individuals were happy in the studies of Perio (2006) and 
Dumludağ et al. (2015), this study shows that married individuals are not happy.  The effect of the age variable on 
happiness is the same as in the study of Perio (2006). In addition, the results obtained in this study, which examined 
income-related variables (such as owning a car and saving) report a positive effect on happiness and these are in 
line with the findings of the Easterlin et al. (2010). Easterlin (2010) states in his study that more income also allows 
people to live fuller and happier lives compared to the poor. To summarize the results mentioned in the findings 
section; while age, get a job, owning a car and saving money increase the happiness of individuals, education level, 
being in debt, paying debts and being married or single decrease happiness.

Several suggestions could be made to the policymakers to increase the happiness of individuals. New policies 
might be developed to ensure that the income distribution is equal and fair, and the diversity and effectiveness of 
support programs for individuals in low-income groups can be increased. Thus, the happiness of individuals in 
low-income groups can be increased. Offering new business opportunities can increase economic freedom for indi-
viduals and thus make them happier. Rather than increasing the incomes of individuals, increasing their purchasing 
power at a level that meets their basic needs would make them even happier. It is worthwhile to replan and revise 
banking arrangements so that borrowing or paying debt does not prevent individuals from becoming happy. For 
married people to be as happy as other individuals, development policies that will enhance the importance of fam-
ily relationships and allow for the children to be raised as qualified, happy, and healthy individuals should be cre-
ated. Social support programs for families, children, and couples should be increased, and everyone should benefit 
from these programs. Instead of focusing only on a high level of education, efforts should be made to raise strong 
individuals who are well-educated, happy, and self-confident. In order to make the mentioned improvements at 
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national and international levels, contracted development, improvement, education and socialization programs 
could be developed with countries in similar situations.
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Endnotes

1Very low-income group: Income is below the hunger line.
Low-income group: Income is between the hunger line and poverty line.
Middle income Group: Income is between poverty line and high-income line.
High-income Group: Income is above the high-income line.
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